0% B2 WHETFES I E N Vol. 30 No. 12
2013412 H MICROELECTRONICS & COMPUTER December 2013

BF £ 4 MapReduce {ElRIESBAEE %

X, R, B OB
CREBT A2 HENREHAR S5, I AR 030024)

B OE:RET-ATATIERRSS,EE %A MapReduce # 3 #938 EALH. T K MR F R A ] ERK
A KT LR A 0 AR E DAG 2 7). BB, TH EH RN KK BERARA, RERBRHA L ZAERERLF.
WAL SRR E W A R K4 K E MapReduce £ 4 AW 4% EREHFEH BLE R T HBERBRH W
PR TR E R B D 14 A

RER: I E; BT £ A E ; MapReduce; 4 438 K

hESHEE, TP311 ERARIAAD: A SCEHE: 1000—7180(2013)12—0156—04

Task Scheduling Algorithm Used for Multiple MapReduce Tasks
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Abstract; MapReduce has been widely used in data-intensive applications; it has several advantages, such as good
programming interface, high availability and fault tolerance. It is suitable for distributed processing on large-scale
data, for instance, network analysis, bioinformatics and high-performance computing. In shared cluster, there are
many researches on scheduling issue. However, in multi-processers nodes, the scheduling method based on priority
constrain which conclude multi MapReduce tasks is uncommon. This paper provides a scheduling method based on
priority constrain which conclude multi MapReduce tasks. Workload applications have a priority dependency
constraint (which can be represented by DAG). Meanwhile, for the limited bandwidth of the low cost of data
transmission, data dependence limit should be concluded in the scheduling system. The proposed algorithm can
provide; MapReduce task scheduling with precedence constraints; by considering the data dependencies restrict the
data pre-placement strategy to reduce transmission costs.
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For (each task T; € R,)

For (each data set D; residing in G;)

C; = Cohesion (T;, D;)

C/(T;) = the highest cohesion score from D

(f = location to allocate the first replica, no
overlapping with other tasks in R, )

//BEEF T ERANE-RBITRSEABHYT S G

Dy < DT, (the data set used by the task T;)
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DS < DT, (the data set used by the task T;)
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